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Introduction Results
Two prominent alpha-band (8-13 Hz) oscillations Alpha and mu components ha\_/e _S|gn|f|cantly dlffe_rent Alpha (n = 653 subjects) and mu (n = 633 subjects)
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Methods Summary
I) Using resting-state, high-densfity EEG data for 2525 subjects Il) Find peak frequency in 6—1:_% I_-Iz range using. FOOOF Ill) Extract oscillato_ry sources wit_h hi_gh alpha SNR using spatio- 1. Consistent with previous qualitative observations, we quantifiably demonstrated
aged 5-21 from the_HeaIthy Brain Netwqu (Alexgnder et.al., (Donoghue et al., 2020) in occipital and sensorimotor channels spectral decomposition (SSD) (Nikulin, et al., 2011) that mu oscillations are far more asymmetrical than alpha oscillations in a large
2017), perform minimal preprocessing (interpolation of high dat { = 2595 subiect
variance channels) o , ' S —— I ataset (n = subjects).
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oscillations underlying these disorders are task-specific.
IV) Find peak frequency in 6—13 Hz range using FOOOF V) Classify components with SNR > 10 dB as alpha or mu using VI) Calculate waveform shape features from alpha and mu
(Donoghue et al., 2020) for each SSD component template matching component time series using bycycle package (Cole & Voytek,
2019)
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